
Lasso is sparse estimator

Lasso and Ridge in primal problem optimization form:
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; β̂j(λ) = 0 for j = 1 and a certain λ

and this is not the case for Ridge regression



Lasso involves convex optimization

from Lange, Zühkle, Holz, Villmann (2014)

I convex: `p-norm with p ≥ 1
I sparse: `p-norm with p ≤ 1 (need “edges in the ball)

; p = 1, that is Lasso, for sparse and convex estimator



Lasso regularization path for Riboflavin data
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certainly sparse, even when λ→ 0 (x-axis is like inverse of λ)



Orthonormal design: threshold functions
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Lasso as a prediction machine/method

taken from MSc thesis Jiawen Le (September 2019)
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